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Abstract
Shifting to online distance learning due to the COVID-19 pandemic challenged 

educators' roles as instructional materials designers. This study aimed to examine the 
students' acceptance of the teacher-designed e-learning tool called Google Forms-based 
Lesson Playlist (GF-LP) in a home-based online distance learning environment. This 
quantitative research analyzed 570 responses from Grades 11 and 12 students at a private 
school in the Philippines using the partial least squares-structural equation modeling. 
Results showed that perceived self-efficacy and system quality strongly affect the users' 
perceived ease of use while perceived ease of use highly influenced the students' perceived 
usefulness of GF-LP. Facilitating conditions do not affect the users' attitudes towards using 
the e-learning tool, which confirmed the effective utilization of GF-LP in online distance 
learning. The relationships between the original constructs of the Technology Acceptance 
Model (TAM) were also presented. This study recommends the use of GF-LP or its features for 
remote learning.

Keywords: digital learning technology, extended technology acceptance model, COVID-19, 
online distance learning, Philippine Senior High School students, PLS-SEM

1.0 Introduction
COVID-19 pandemic challenged educators 

to adapt teaching online  (König et al., 2020) as a 
response to control the spread of the coronavirus 
disease (Toquero, 2020). Hence, they need to 
explore designing online learning tools and 
appropriate teaching pedagogy to assist their 
students in online distance learning. Today, 
designing appropriate instructional materials 
comes with great ease brought by technological 
advancements in the digital age of the 21st 
century ((Fei & Hung, 2016). Digital Learning 
Technology (DLT) adoption in times like this 

addresses the physical limitations of delivering the 
lessons and allows students to continue learning 
anytime and anywhere  Mothibi, 2015). Adopting 
various digital learning technologies into the 
learning environment helps achieve the desired 
goals, learning process, and learning outcomes of 
educational activities  Ozerbas & Erdogan, 2016). 

However, DLT adoption poses barriers, 
especially during online distance learning. 
According to  Panda and Mishra (2007) and Ancho 
(2020), the teachers perceived that the significant 
challenges in utilizing DLT include weak internet 
connection, insufficient training, lack of institutional 
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policy, and poor instructional design support for 
e-learning. The majority of the reviewed literature 
focused on teachers' perceptions of DLT adoption 
barriers. Thus, there is a need to elicit information 
periodically from the students to address these 
barriers to improve digital learning technologies 
continuously (Adnan & Anwar, 2020).  Similarly, 
Almaiah, Alamri, & Al-rahmi (2019) emphasized that 
students’ acceptance of mobile learning is essential 
to guarantee online education success. Hence, 
designing a specific e-learning tool that would 
address the DLT adoption barriers in an online 
learning environment is needed. Furthermore, 
adopting the online distance learning environment 
can be successful through a significant pedagogical 
transformation aided by an appropriate e-learning 
tool that is designed carefully such that it considers 
the students’ realities at home. 

In this study, the teachers of the respondents 
developed a Google Forms-based Lesson Playlist 
(GF-LP), a self-made e-learning tool that is used to 
address the digital technology adoption barriers in 
the first implementation of online distance learning 
in the Philippines. A sample template of GF-LP was 
provided to the teachers for uniformity. Thus, this 
study sought to examine the use of Google Forms-
based Lesson Playlist as students’ e-learning tool 
in their different subjects in a home-based online 
distance learning. 

 
Google Forms – Based Lesson Playlist as a Digital 
Learning Technology in ODL

The abrupt transition from traditional to 
online instruction as an emergency response 
to the pandemic provides an opportunity for a 
wider acceptance of technology-aided education 
(Rajab et al., 2020). Digital Learning Technology 
(DLT) refers to a set of hardware and software 
devices that allow information and knowledge to 
be communicated and accessed, distributed, and 
stored in a digital environment ( Mercader & Gairín, 

2020), giving students control over the place, 
time, path, and, or pace ( Kashada et al., 2018). 
These learning technologies include web-based 
learning systems, active learning classrooms (ALC), 
social media in the education context, mobile 
technologies, video conferencing applications, 
YouTube, and email (Granić & Marangunić, 2019). 
However, students may experience difficulties 
utilizing these technologies because they are 
challenging to navigate and primarily dependent 
on internet access. Also, too many tools and links 
might distract them from their primary tasks 
(Zanjani et al., 2017). Therefore, designing a user-
friendly e-learning tool with specific features 
allowing the students to navigate and easily access 
the instructional materials freely can positively 
affect their use and acceptance. Since DLT adoption 
and utilization are not always successful in students’ 
learning outcomes (Kashada et al., 2018), this study 
utilized a teacher-designed e-learning tool (e.g., 
Google Forms-based Lesson Playlist) based on the 
features of DLT that affect users’ acceptance. Table 
1 shows the identified characteristics of DLT that 
affect the user satisfaction and approval of a DLT.

Teachers’ efforts to utilize innovative e-learning 
tools enable online distance learning (ODL) 
during the COVID-19 pandemic. In this study, the 
Google Forms-based Lesson Playlist was created 
considering the features mentioned in Table 1. 
A lesson playlist is a set of activities in a lesson 
that includes online links to video lessons, online 
articles, and interactive game-based activities. It 
may also include online formative assessments, 
summative assessments, reading assignments from 
student textbooks, etc. (Bohol & Prudente,  2020). 
The lesson playlists used by the respondents of 
this study have the same template as this example 
http://bit.ly/SampleGF-LP. To ensure familiarity 
with the e-learning tool (See Table 3), the teachers 
used Google forms as the canvas to embed their 
instructional materials. 
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Table 2.  External Variables of Extended TAM in Studies Assessing DLT Adoption

Source External Variables 

Tarhini et al.  (2014) social norm, self-efficacy

Tarhini et al. (2016) social norm, quality of work-life, self-efficacy, facilitating 
conditions

Salloum  (2018) self-efficacy, subjective norm, perceived enjoyment, system 
quality, information quality, content quality, accessibility, 
perceived playfulness

Binyamin et al. (2019) content quality, learning support, visual design, system 
navigation, ease of access, system interactivity, instructional 
evaluation, and system learnability

Fearnley & Amora (2020) system quality, perceived self-efficacy, and facilitating conditions

Extended Technology Acceptance Model
Various studies extended the original 

Technology Acceptance Model (TAM) of Davis 
(1989) by defining its external variables. These 
Extended TAMs, which explains the adoption of 
technology by teachers (Scherer et al., 2020), is a 
valid model to test different learning technologies 
(Granić & Marangunić, 2019) and to grasp the 
attitude of students and teachers towards the use 
of educational technology (Siyam, 2019). Table 

Table 1.  DLT Features Affecting User’s Satisfaction

Features of DLT Source

availability and flexibility, communication, simplicity in 
learning, portability, cost, and efficiency

Asiimwe and Grönlund (2015)

design factors such as perceived usefulness, appropriate 
course management tools, and interactivity of the system, 
perceived ease of use

Zanjani et al. (2017)

familiarity with the technology Kashada et al. (2018)

system quality, interaction quality, service quality, and 
platform availability

Chen et al. (2020)

2 shows the external variables employed in the 
studies utilizing Extended TAMs to examine the 
use of digital learning technologies.

In this study, system quality, perceived 
self-efficacy, and facilitating conditions were 
adopted as the external variables of the Extended 
Technology Acceptance Model because the 
features of the Google Forms-based Lesson 
Playlist (GF-LP) were directly based on them.

2021 Fe r r an
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Figure 1.  Extended Technology Acceptance Model for students' acceptance of Google 
Forms – based Lesson Playlist adopted from Fathema et al. (2015)

Conceptual Framework and Research Hypotheses
To examine the use of Google Forms-based 

Lesson Playlist in an Online Distance Learning 
using the Extended Technology Acceptance 
Model, the variables in Figure 1 are defined 
operationally. System quality (SQ) is defined 
as the satisfaction of the students in using the 
Google Forms-based Lesson Playlist (GF-LP) 
in terms of features, content quality, system 
interactivity and navigation, and adaptability in 
the ODL context (Binyamin et al., 2019; Fearnley & 
Amora, 2020). The studies of Fathema et al. (2015); 
Fearnley and Amora (2020) showed that system 
quality influences perceived usefulness and ease 
of use. Nevertheless, they do not support each 
other on the effect of SQ on attitude towards the 
use of technology. This study hypothesized that 
if the students are satisfied with the quality of 
the e-learning tool, they have positive attitudes 
towards its use. These attitudes may affect their 
intention to use this tool in the future. 

Facilitating conditions (FC) refer to an 
individual’s perceived enablers that aid 
technology adoption (Teo et al., 2018). When a 
user expects assistance and specializes instruction 
when using technology, it positively affects his/
her perceived ease of use and attitude towards 
using the technology (Fathema et al., 2015; Teo 
et al., 2018). But this study hypothesized that 
facilitating conditions do not affect the students' 
attitude towards using the teacher-designed 
e-learning tool. Teachers designed the e-learning 
tool to provide students all the necessary 
assistance by developing a tool flexible enough 
to supplement the uncertainties or barriers of the 
online distance learning environment. This study 
measured facilitating conditions based on the 
teacher's assistance to students using the Google 
Forms-based Lesson Playlist. 

According to Fathema et al. (2015), perceived 
self-efficacy (PSE) is the users' belief in performing 
the tasks necessary to achieve the required 
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outcomes. This study shows that teachers’ PSE 
is the predictor of perceived usefulness and 
perceived ease. When the students can carry 
out the tasks, they will find the GF-LP valuable 
and easy to use despite the barriers of digital 
technology adoption in an online distance 
learning environment. 

Perceived usefulness (PU) was defined by 
Davis (1989) as “the degree to which a person 
believes that using a particular system would 
enhance his or her job performance” (p. 320). 
Similarly, he defined the perceived ease of use 
(PEOU) as “the degree to which a person believes 
that using a particular technology would be free 
from effort.” The systematic literature review 
conducted by Granić and Marangunić (2019) 
showed that perceived usefulness and perceived 
ease of use are the predictors of technology 
adoption in an educational context emphasizing 
perceived usefulness as the stronger predictor. 
In particular, the PU and PEOU directly affect the 
attitude and the behavioral intention to use the 
technology (Fathema et al., 2015; Teo & Huang, 
2019; Fearnley & Amora, 2020). Their study found 
that perceived ease of use predicts perceived 
usefulness. Hence, in this study, it is hypothesized 
that if the students perceive the GF-LP as easy to 
use, they will consider this useful. Consequently, 
this will influence their attitude and intention to 
use this e-learning tool in future ODL activities 
despite the barriers of DLTs adoption. 

Hence, this study posited the following 
hypotheses to confirm the results of the previous 
studies on a self-made e-learning tool called 
Google Forms-based Lesson Playlist (GF-LP).

H1: System Quality (SQ) directly 
influences the perceived usefulness (PU) 
of GF-LP. 
H2: System Quality (SQ) directly 
influences the perceived ease of use 
(PEOU) of GF-LP. 

H3: System Quality (SQ) directly 
influences the attitude (ATT) towards 
using the GF-LP.
H4: System Quality (SQ) directly 
influences the behavioral intention (BI) 
to use the GF-LP. 
H5: Perceived Self-Efficacy (PSE) directly 
influences the perceived usefulness (PU) 
of GF-LP.
H6: Perceived Self-Efficacy (PSE) directly 
influences the perceived ease of use 
(PEOU) of GF-LP.
H7: Facilitating Conditions (FC) directly 
influence the perceived ease of use 
(PEOU) of GF-LP.
H8: Facilitating Conditions (FC) do not 
affect the attitude (ATT) towards using 
the GF-LP. 
H9: Perceived ease of use (PEOU) directly 
influences the perceived usefulness (PU) 
of GF-LP. 
H10: Perceived ease of use (PEOU) 
directly influences the attitude (ATT) 
towards GF-LP use. 
H11: Perceived usefulness (PU) directly 
influences the attitude (ATT) towards GF-
LP use.
H12: Perceived usefulness (PU) directly 
influences the behavioral intention (BI) 
to use the GF-LP.
H13: Attitude (ATT) towards the use of 
GF-LP directly influences the behavioral 
intention (BI) to use GF-LP.
H14: Behavioral intention (BI) directly 
influences the actual use (AU) of the GF-
LP.

2.0 Methodology
The current study examined the students’ 

utilization of Google Forms-based Lesson Playlist 
as an e-learning tool in a home-based online 
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distance learning environment. This study adopted 
the conceptual and operational definitions of 
home-based online distance learning from the 
next-generation digital learning environment 
(NGDLE) of Brown et al. (2015). It describes the 
home-based online distance learning environment 
as a virtual learning space composed of an 
instructor, students, learning materials, and tools 
to support self-paced learning. 

Participants of the Study 
Five-hundred seventy (570) responses were 

obtained from Grades 11 and 12 students whose 
subjects utilized Google Forms-based Lesson 
Playlist as presented in Table 3. The respondents’ 
ages range from 16 to 19 years old. The consent 
letters were uploaded to the parents’ portal and 
also distributed to the students. The current 
study used the inverse square root and gamma 
exponential post-hoc power analysis methods 

Level Subjects Responses

G11 Science Enrichment 3 10

Fundamentals of ABM 1 11

Personal Development 12

Understanding Culture, 
Society & Politics

30

English For Academic and 
Professional Purposes

32

Applied Economics 39

Pre-Calculus 45

G12 Basic Calculus 
Enrichment 2

52

Physical Science 88

Science Enrichment 3 95

Mathematics Enrichment 3 156

Total Responses (N) 570

Table 3.  Number of Responses per subject that uses 
Google Forms – based Lesson Playlist

to calculate the minimum sample size. With the 
smallest significant path coefficient = 0.133, 
α=0.05, and 1-β=0.942, the minimum sample 
size was between 568 and 585. Thus, the sample 
size of this study is sufficient for 94.2 % statistical 
power.

Table 4 presents the demographic profile 
of the respondents. There were 253 (44.39%) 
male and 317 (55.61%) female students whose 
majority (27.72%) used a combination of tablet, 
smartphone, and laptop/desktop computer 
during the home-based online distance learning. 
The majority of the respondents (91.76%) are 
moderate to extremely familiar with Google 
Forms. Approximately 12 percent of the students 
reported that they were not satisfied with their 
internet access; a majority (39.47%) were slightly 
satisfied; 35.61 percent were moderately satisfied; 
8.60 percent were very satisfied; and 3.86 percent 
were extremely satisfied.
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Table 4.  Demographic Profile of the Respondents (N = 570)

Variables frequency percentage

Sex 

Male 253 44.39

Female 317 55.61

Mobile Learning Device Used

Tablet 25 4.39

Smartphones 1 0.18

Tablet/smartphones 11 1.93

Laptop/desktop computer 156 27.37

Tablet, laptop/desktop computer 66 11.58

Smartphone, laptop/desktop computer 153 26.84

tablet, smartphones, laptop/desktop computer 158 27.72

Internet access satisfaction

Extremely satisfied 71 3.86

Very satisfied 225 8.60

Moderately satisfied 203 35.61

Slightly satisfied 49 39.47

Not at all satisfied 22 12.46

Familiarity with Google Forms

Extremely familiar 378 66.32

Moderately familiar 145 25.44

Somewhat familiar 42 7.37

Slightly familiar 3 0.53

Not familiar at all 2 0.35

Total 570 100.00

Research Instrument
An online survey through Google Forms was 

utilized for the data collection. The questionnaire 
has three parts: (1) Introduction - this includes 
the objectives of the study, informed consent to 
the participants, and the e-Form Confidentiality; 
(2) Demographic Profile - this section comprises 
participant’s gender, type of MLD used, level of 
familiarity in using Google Forms, and internet 
access satisfaction.; and (3) Survey Questionnaire 

- adapted from Fathema et al. (2015) with 28 
items all rated using a four-point Likert scale: 1 = 
strongly disagree, 2 = disagree, 3 = agree, and 4 = 
strongly agree.

Data Gathering Procedure
The participants of the study answered the 

online survey questionnaire with the help of 
their respective subject teachers. The study was 
conducted during the third term (January 25, 2021 
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– April 8, 2021) of the academic year when the 
school adopted the home-based online distance 
learning to address the limitation of meeting 
face-to-face brought by the COVID-19 pandemic. 
The institution approved the conduct of the study 
following the ethical guidelines in data collection. 

Data Analysis
The students’ acceptance of the Google 

Forms-based Lesson Playlist was analyzed by 
examining the underlying relationships between 
the Extended TAM variables of Fathema et al. 
(2015) using the partial least squares-structural 
equation modeling (PLS-SEM). According to Granić 
and Marangunić (2019), PLS-SEM is the most 
commonly used data analysis technique when 
TAM is involved and becomes the recommended 
multivariate statistical technique for examining 
e-learning related research (Lin, H. et al., 2020).

3.0 Results and Discussion
The analysis using PLS-SEM was adopted 

from Janadari et al. (2018) and performed using 
WarpPLS Version 7.0. First, the validity and 

reliability tests were conducted, followed by 
the hypothesis tests relevant to the research 
framework. 

Reliability and Validity
Fornell and Larcker (1981) and Kock (2020) 

suggested that the construct reliability is 
acceptable if the composite reliability (CR) is 
greater than ≥0.70 and the  Cronbach’s alpha (CA)
is greater than ≥ 0.70.

Table 5 presents the construct and convergent 
validity as the construct reliability (CR) and 
Cronbach’s alpha (CA) are at least 0.70 and the 
factor loadings and AVE are more than 0.50.

The discriminant validity was determined 
using the Fornell-Larker criterion with the 
condition that is if the √AVE (diagonal values) is 
greater than any of the off-diagonal values, then 
that particular construct is more highly correlated 
with its items than with the other constructs in 
the model (Fornell & Larcker, 1981). Since any 
√AVE shown in Table 6 is greater than any of the 
off-diagonal values, then discriminant validity 
was achieved by all the constructs.

Table 5.  Factor loadings, AVE, and Reliability of Constructs

Constructs No. of items Factor loadings AVE CA CR

System Quality 4 .897 – .925 .911 .932 .951

Perceived Self-Efficacy 3 .844 – .902 .881 .856 .912

Facilitating Conditions 3 .896 - .910 .904 .889 .931

Perceived Usefulness 4 .909 - .934 .921 .940 .957

Perceived Ease of Use 4 .775 - .910 .872 .894 .927

Attitude Towards Using GF-LP 4 .898 - .941 .929 .947 .962

Behavioral Intention 3 931 - .950 .942 .936 .959

Actual Use 3 .915 - .961 .942 .936 .959
All factor loadings are significant at 0.001 (p < 0.001). AVE = average variance extracted; CA = Cronbach’s alpha; 
CR = composite reliability

J uneRe co l e to s  Mu l t i d i s c i p l i n a r y  R e s ea rch  J ou rna l



155

Table 6.  Correlation Coefficients and √AVE  values of the constructs

SQ PSE FC PU PEOU ATT BI AU

SQ (.954)

PSE .761 (.939)

FC .681 .724 (.951)

PU .747 .738 .720 (.960)

PEOU .727 .739 .707 .770 (.934)

ATT .730 .736 .665 .802 .738 (.964)

BI .741 .704 .648 .771 .727 .856 (.971)

AU .742 .711 .662 .775 .737 .793 .796 (.971)

Table 7.  Model Fit and Quality Indices

Note: The square roots of average variances extracted (AVE) of constructs are shown on diagonal. The off-
diagonal values are the correlation between constructs. All p < .001.

Index Coefficient

average path coefficient (APC) 0.319, p < 0.001

average R-squared (ARS) 0.693, p < 0.001

average adjusted R-squared (AARS) 0.691, p < 0.001

average block VIF (AVIF) 2.805 (acceptable if  5, ideally  3.3)

average full collinearity VIF (AFVIF) 3.782 (acceptable if  5, ideally  3.3)

Tenenhaus goodness of fit (GoF) 0.760 (large if > 0.36)

Kock (2020)  recommends discussing the 
quality indices shown in Table 7 to determine if 
the model shown in the conceptual framework 
has a better fit. Table 7 shows the six quality 
indices, namely average path coefficient (APC), 
average R-squared (ARS), average adjusted 
R-squared (AARS), average block VIF, average full 
collinearity VIF (AFVIF), and Tenenhaus goodness 
of fit (GoF). For the structural model to be fit, APC, 
ARS, and AARS must be significant. That is, their 
corresponding p-value must be less than 0.05 
(Kock, 2020). Since the coefficients of APC = 0.319, 
ARS = 0.693, and AARS = 0.691 have p-values less 

than 0.05, then the structural model fits with the 
original data. 

 Regarding AVIF and AFVIF, their coefficients 
must have values less than 5 or ideally less than 3.3 
(Kock, 2020). Table 6 shows that both coefficients 
of AVIF and AFVIF are within acceptable ranges. 
GoF is a measure of the explanatory power of the 
structural model (Tenenhaus et al., 2005), where 
it is small if GoF ≥ 0.1, medium if GoF ≥ 0.25, 
and large if GoF ≥ 0.36 (Kock, 2020). Since GoF = 
0.760, then the explanatory power of the model is 
large. Overall, the structural model shown in the 
research framework is highly acceptable.

2021 Fe r r an
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Table 8.  Extended TAM Parameter estimates for GF-LP

Hypotheses β p-value SE f 2 Results

H1: SQ → PU .289 < .001 .041 .217 Supported

H2: SQ → PEOU .306 < .001 .040 .223 Supported

H3: SQ → ATT .192 < .001 .041 .140 Supported

H4: SQ → BI .214 <.001 .041 .160 Supported

H5: PSE → PU .232 <.001 .041 .171 Supported

H6: PSE → PEOU .308 <.001 .040 .228 Supported

H7: FC → PEOU .276 <.001 .041 .195 Supported

H8: FC → ATT .056 .089 .042 .037 Not Supported

H9: PEOU → PU .394 <.001 .040 .305 Supported

H10: PEOU → ATT .240 <.001 .041 .181 Supported

H11: PU → ATT .435 <.001 .040 .349 Supported

H12: PU → BI .133 <.001 .041 .102 Supported

H13: ATT → BI .595 <.001 .039 .510 Supported

H14: BI → AU .803 <.001 .038 .645 Supported
Note: f 2 is Cohen’s effect size: .02 = small, .15 = moderate, .35 = large; β = path coefficient,

Test of Research Hypotheses
Table 8 shows that the system quality (SQ) 

has a positive effect on perceived usefulness 
(PU), perceived ease of use (PEOU), attitude (ATT) 
towards the use of the Google Forms–based 
Lesson Playlist (GF-LP), and their behavioral 
intention to use this e-learning tool. This result 
implies that a high SQ will result in high PU, PEOU, 
and ATT towards using the GF-LP. In particular, SQ 
has a significant moderate effect on the PEOU (f 2 = 
0.223) and PU (f 2 = 0.217), and a small effect on ATT 
(f 2 = 0.140), and BI (f 2 = 0.160). This result supports 
the findings of Fathema et al. (2015), Salloum, et al. 
(2019), and Fearnley and Amora (2020). SQ proved 
to be a powerful predictor of students' PEOU of the 
GF-LP, which implies that designing the e-learning 
tool considering students' realities during a 
pandemic helps them utilize the technology with 
less mental effort. Consequently, they become 
aware of its usefulness in learning the lessons 
despite DLT adoption barriers. Furthermore, 

PEOU and PU mediate the influence of SQ on ATT, 
which emphasizes that the desirable features and 
flexibility of the e-learning tool to adjust to the 
learning environment assure the positive attitudes 
towards the use of the digital learning technology 
during the pandemic. This result confirms Granić 
and Marangunić (2019) findings that PEOU and PU 
influence the users' attitudes towards using DLT 
irrespective of its types, features, and navigation 
tools. This study also extends that PEOU and PU 
are significant predictors of the ATT in a different 
learning environment, which is, in this study, a 
home-based online distance learning environment.

Table 8 also shows that perceived self-efficacy 
(PSE) positively affects the PU (β = 0.232) and 
PEOU (β = 0.308). This result means that students’ 
familiarity with digital technology positively and 
highly influences the ease of use and usefulness 
of that digital technology. This study reaffirms 
that students’ PSE influences PU and PEOU, which 
means that the students showed confidence in 
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using the features and functions of the GF-LP 
to carry out the required tasks in a home-based 
online distance learning environment. Similarly, 
they felt confident in controlling the time and 
pacing of the lessons with the e-learning tool. This 
result agrees with the findings of Fathema et al. 
(2015), Nikou and Economides (2019), and Fearnley 
and Amora (2020) that PEOU mediates the effect of 
PSE on PU across different DLTs, users, and learning 
environment. 

Facilitating conditions (FC) significantly 
affect PEOU (β = 0.276)  but the positive effect 
on ATT is not significant, f 2 = 0.037, p > 0.05. This 
relationship implies that the students' perceived 
ease of the use of the GF-LP is directly affected by 
the teacher’s support, but this does not influence 
their attitudes towards using the GF-LP. Consistent 
with the hypothesis in this study, FC does not affect 
ATT, which contradicts Fathema et al. (2015) and 
Teo et al. (2018). This difference may be due to a 
different learning environment and digital learning 
technology. This study confirms that the GF-LP is a 
useful e-learning tool during home-based online 
distance learning since the students' attitudes 
towards using the playlists were not affected by the 
facilitating conditions. The possible reason could 
be that the teachers designed the e-learning tool so 
that the students can work independently on their 
activities. With this result, the use of Google Forms-
based Lesson Playlist is an effective e-learning tool 
during home-based online distance learning.

PEOU positively and significantly affects ATT 
and PU, and consequently, PU positively affects 
both ATT and BI. These findings suggest that 
when there is a high value on PEOU, the students 
perceived high usefulness in the GF-LP, which leads 
to a high impact on their attitudes and behavioral 
intentions to utilize it. This study reports that 
PEOU and PU are strong predictors of accepting 
the GF-LP, consistent with the TAM-related studies 
(Granić & Marangunić, 2019). In particular, PU 

significantly mediates the effect of PEOU on the 
students’ attitudes towards the use of GF-LP in a 
home-based ODL environment. When the students 
feel that the e-learning tool is easy to use, useful 
in acquiring the course’s competencies, and 
relevant in increasing their productivity despite 
the pandemic, they have positive attitudes and 
intentions to use that e-learning tool. Perceived 
usefulness is the most vital determinant of the 
student’s attitude towards the use of GF-LP, 
consistent with the findings of Teeroovengadum 
et al. (2017), Granić and Marangunić (2019), and 
Fearnley and Amora (2020). This result showed 
that PU is consistently the robust determinant of 
technology acceptance in different countries and 
users, various digital learning technologies, and 
diverse learning environments. The strong positive 
effect of the students' attitudes to their behavioral 
intentions towards GF-LP use consequently proves 
the effective utilization (AU) of the GF-LP. In 
conclusion, the GF-LP adoption in a home-based 
online distance learning environment during the 
COVID-19 pandemic was successful.

ATT positively influences BI, and in turn, BI 
positively and significantly affects the actual use 
(AU) of GF-LP. The high effect of ATT on BI (f 2 = 
0.510) led to a stronger behavioral intention to use 
the GF-LP and consequently positively affects the 
technology’s actual use (f 2 = 0.645).

4.0 Conclusion and Recommendation
This study utilized the Extended Technology 

Acceptance Model by Fathema et al. (2015) to 
examine the use of Google Forms-based Lesson 
Playlist (GF-LP) as an e-learning tool in a home-
based online distance learning. Perceived self-
efficacy (PSE) and system quality (SQ) have the 
most substantial effect on users' perceived ease 
of use (PEOU) while PEOU strongly influences 
digital learning technology's perceived usefulness 
(PU). Facilitating conditions (FC) have a small 
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impact on PEOU but no significant effect on the 
students' attitudes towards using the Google 
Forms-based Lesson Playlist. This result implies 
that when educators carefully design a digital 
learning technology (DLT) addressing its adoption 
barriers, the students can independently use that 
technology without difficulty while they increase 
their productivity in accomplishing the tasks with 
less assistance from the teacher. This study also 
found out that PU highly influences the students' 
attitudes towards using GF-LP compared to SQ 
and PEOU. The positive and high effect of ATT on 
the students’ behavioral intentions (BI) to use GF-
LP and the similar effect of BI on the actual use of 
GF-LP imply that the use of GF-LP during online 
distance learning was favorable to the students. 

This study contains limitations that open 
opportunities for future studies. The constructs 
used in examining students’ acceptance of 
technology were adopted from Fathema et al. 
(2015). Hence, this study highly recommends 
future researchers explore other Extended TAM 
constructs in users with different cultures Hanif 
et al., 2018, different ages and education levels 
(Putra, 2019), and various learning environments. 
The current research also suggests conducting a 
longitudinal survey  (Salloum et al., 2019) and a 
mixed-method approach (Fearnley & Amora, 2020) 
to provide a deep understanding of the power of 
Extended TAM constructs.
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